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KOHTPOJIbOBAHA PEKOHCTPYKIIA LLM-3TEHEPOBAHUX CHHTETHYHUX
MOBEAIHKOBUX IAHUX /1 IPOTHO3YBAHHSA MOBTOPHOI MOKYIIKU
KJ/IIEHTOM Y CRM-CUCTEMAX

ITpoaHasi3oBaHO MOMKJIMBOCTI BUKOPHUCTAHHS CHHTETHYHHX JaHUX, 3TCHEPOBAHUX BEIMKUMH MOBHUMH MojeiasiMu LLM (aHri.
Large Language Model), 1u1si BUpILIEHHs 3aB/IaHb IPOTHO3YBAaHHS MOBTOPHOI MMOKYNKH KiiieHToM y CRM-cucremax (anrin. Customer
Relationship Management — yripaBIliHHs B3a€MOBIJJTHOCHHAMH 13 KJlieHTaMH). BCTaHOBIICHO, 1110 Oe3rocepe/iHe BUKOPUCTAHHS CHPHX
LLM-3reHepoBaHuX TPAH3AKIIHHAX JaHUX € HEPUHHATHAM 4Yepe3 sSBUIIE KOJIANCy Ha PiBHI KOPUCTYBAYIB: y CHPUX HAOOpax MaHUX
(iKCyeThCs TIMBKU IEKITbKa COTEHb YHIKATbHUX KOPUCTYBAYiB 3aMiCTh OYiKYBaHHX JECSTKIB THCSY. 3alPOMIOHOBAHO METOANKY KOH-
TPOIBOBAHOI PeKOHCTPYKILT LLM-3reHepoBaHuX CHHTETHYHUX TPAH3aKLINHUX HaHUX, SIKUH BiJOKPEMIIIOE PABIONOAIOHICTE OKpe-
MHX TPaH3aKIi{ Bijl pealTiCTUYHOCTI MOBEIIHKA KOPUCTYBAYiB Ha arperoBaHomy piBHi. Po3pobiieHo mpoueaypy peKOHCTPYKIIT CHH-
TETHYHHX JaHHX, [0 TEePErpH3HAYaE TPAH3AKIi] HOBUM CHHTETUYHAM KOPHUCTYBadyaM BiAMOBIIHO 0 eMITIPHYHUX PO3MOALTIB Killb-
KOCTI TpaH3aKIliii, OTPUMAHMUX i3 peanbHuX MaHuX. J{OCITiIKEHO YOTHPH HAMPSIMU OLHIOBaHHs cuHTeTHYHUX AaHux: REAL—REAL,
LLM_REBUILT—REAL, REAL—-LLM REBUILT ta REAL+LLM_ REBUILT—REAL — 3 BUKOPHCTaHHSM 4aCOBOTO MOALTY Ta
0e3 BUTOKY JaHuX. 3acTtocoBaHo Mojenb Random Forest sik ocHoBHY Moaens Ta momeni XGBoost i Light GBM — st omiHIOBaHHSI
POOACTHOCTI OTPUMAHKX PE3YNIBTATIB Ta IMiATBEPIKSHHS BiATBOPIOBAHOCTI BUCHOBKIB. 3SICOBAHO, 110 PEKOHCTPYHOBaHI CHHTETHYHI
JIaHi 4aCTKOBO 30€piraloTh MOBEIIHKOBUI CHI'HAN, MPOTE HE BiATBOPIOIOTH MOBHICTIO PeajbHy KYIBEJIbHY MMOBEAIHKY HA PiBHI KO-
pucryBauiB. BcraHoBIieHO, 110 CHHTETHYHI aHi Kpatie 30epiraloTh MOHETapHI 3aKOHOMIPHOCTI, Hi’K 4aCOBY [TOBEIIHKOBY TUHAMIKY.
[MigTBeprKeHO, 1110 TIOPUIHE HABYAHHS MOJIENI HA PeabHHUX i PEKOHCTPYHOBAHUX CHHTETUYHHX JaHHUX MMOKPAIIYE SIKiCTh POrHO3Y-
BaHHS OBEIHKA KOPUCTYBAUiB MOPIBHSHO 3 HABYAHHSIM MOJIEJ TiJIbKM Ha CHHTETHYHMX JaHuX. OXapakTepr30BaHO KOHTPOIbOBA-
HY peKOHCTpyKIit0 LLM-3reHepoBaHUX CHHTETUYHUX JIaHUX SIK IEPCIIEKTUBHY CTPATETit0 JOMOBHEHHS PeallbHUX MTOBEIIHKOBUX Jia-
HUX Yy 3aBaaHHIX CRM-nporHo3yBaHHs, SIKY, BOZHOYAC, HE MOKHA PO3IJIAAATH SK iX [OBHY 3aMiHY.

Kutio4oBi ciioBa: MaiivHHe HABYAHHS; CHHTETUYHI JIaHi; BEJIMKI MOBHI MOJEIi; YIIPABIiHHS B3a€EMOBITHOCHHAMH i3 KIIEHTAMU;
[IPOrHO3YBAHHsI [IOBEIIHKA KOPUCTYBa4iB; riOpuiHe HaBYaHHs Mojeli; mojaens Random Forest.

BEIIHKH KOPHUCTYBAYiB MOTPEOYIOTh MOBHUX MOBEIIHKOBIX
KIIIEHTCHKUX JaHWX, MMPOTE HA MPAKTHUIN IX OTpUMaHHS yC-
KJIQJHIOEThCS BUMOTaMH KOH(IICHIIIHHOCTI, KOMEPIIIHHOIO
YYTJIMBICTIO Ta HEMOBHOTOM. Lle CrToHyKae JOCIiTHUKIB 10
PO3pOOIEHHS METOMIB TCHEPYBAHHA CHHTCTHYHHUX IaHUX.
Cepen cyvacHuX minxomiB — nudysiitai momeni TabDDPM
[8, 15], a Takok TeHepyBaHHS MaHWX HA MiACTaBl BEIUKUX
MoBHHUX Monenelr LLM (amrn. Large Language Model) —
GReaT [2]. Cucremni nocmimkenss [4, 5, 10] Bka3yroTh Ha
Te, IO AKICTh CHHTETUYHUX JaHHUX ITOTPiOHO OIliHIOBATH HE
TIJIBKHU 32 CTATUCTHYHOIO TMOIOHICTIO, a ¥ 3a MPUIATHICTIO
TSI TIOIQJIBIIIOTO HAaBYAHHS MOJIENIEN.

[Morpy mIMPOKHA PO3BUTOK METOJIB TeHEPYBAHHS CHH-
TeTUYHUX MAaHUX, MUTaHHA npumatHocti LLM-3reHepoBa-
HUX TPAaH3aKMIMHUX MaHWX s 3aBgaHb CRM-mporaosy-
BaHHS Ha PiBHI KOPHCTYBAYiB 3aJUIIA€THCS MPAKTHIHO HE-
posristHyTEM. JKOMHA 3 TIPOAaHATI30BaHUX POOIT HE OMHCYE
SIBUIIA KOJIATICY YHIKAJTbHAX KOPHCTYBadiB y cupux LLM-
BHUXOJaX — KOJNH JIECATKH THCSY TPAH3AKIIH T€HEPYIOTHCS

Bcetyn / Introduction

[Iporao3yBaHHS MOBTOPHOI MMOKYIMKU KIIEHTOM € OIHUM
3 KITFOYOBHMX 3aBJaHb CHCTEM YIIPABIIHHA B3a€MOBITHOCH-
Hamu i3 kimieHtTaMu CRM (anrn. Customer Relationship
Management). TlpakTn4Ha MIHHICTH TAKUX TPOTHO3IB 3Yy-
MOBIIEHa iX 3B'S3KOM i3 ITOBEIIHKOIO KII€HTIB: TTOBTOpPHA
MTOKYITKA € IHANKATOPOM JIOSITFHOCTI Ta €(DeKTUBHOCTI Map-
KETHHTOBHUX CTpaTeriii. Y cydyacHii HayKOBii JiTeparypi
TaKe 3aBIaHHS JOCIIHKYIOTh MIEPEBAXKHO HA ITiJICTAB1 TIOBE-
IIHKOBUX O3HaK, moximgamx Bigm RFM-momemi (aHri. Re-
cency, Frequency, Monetary — TaBHICTb, 9aCTOTa, TPOLIOBA
LiHHICTB). 30KpeMa, aBTopH B poOoTi [11] 3anpomonyBanu
RFM-opieHTOBaHUH TiAXiJ A0 CETMEHTAIlil KIII€HTIB, BOJ-
Houac B mparti [ 14] inrerpysamu RFM-ananis i3 knacudika-
LITHUMY QITOPUTMAMH IS IPOTHO3YBAHHSI TOBTOPHUX TO-
KYIOK, a B po0oTi [13] mocmimnmm ocoOIMBOCTI MIPOTHO3Y-
BaHHSA MMOCTINMHOI IIHHOCTI KJI€HTA 3aC00aMM MAaIlIMHHOTO
HaBYaHHS.

[ToOymoBa Ta oLiHIOBaHHS MOEICH POTrHO3YBAHHS 10~

© Copyright 2026 by the author(s)

Tenerid Kupuno OnekcaHaposuy, acnipaHT, Kadenpa KOmMn'toTePHUX HAYK Ta iIHOOPMALLIMHWUX TEXHONOFIN.
Email: telegin.kirill@gmail.com; https://orcid.org/0009-0004-0154-3952

NaspeHiok fipocnas BacunboBuu, a-p di3.-maT. Hayk, CT. HAayK. cNiBpob6iTHUK, Npodecop, Kadenpa KOMN'IOTEPHUX HAYK Ta
iHbopmaLitHMx TexHonorii. Email: ylavrenyuk@gmail.com; https://orcid.org/0000-0002-0266-0622

UwutysaHHa 3a ACTY: TeneriH K. O., JlTaBpeHtok . B. KoHTposboBaHa peKoHCTpyKLiA LLM-3reHepoBaHMX CMHTETUYHNX MOBEAIHKOBUX Aa-
HWUX 4718 TPOrHO3yBaHHA NOBTOPHOI NMOKYMKM KnieHTom y CRM-cuctemax. HaykoBui BicHuK HATY Ykpainn. 2026, 1. 36, Ne 4. C. 114-120.

Citation APA: Tieliegin, K. O., & Lavreniuk, Ya. V. Controlled reconstruction of LLM-generated synthetic behavioral data for customer
repeat-purchase prediction in CRM systems. Scientific Bulletin of UNFU, 36(4), 114-120. https://doi.org/10.36930/40360413

114  Haykoswuii BicHuk HATY Ykpainu, 2026, T. 36, Ne 4 Scientific Bulletin of UNFU, 2026, vol. 36, no 4




IUTSL KITBKOX COTCHb CHHTCTUYHHX 1ICHTHU(IKATOPIB, IO
YHEMOKITUBITIOE TTOBEIIHKOBE MOJICITIOBAHHS Ha PIiBHI KIIi-
€HTIB. YCYHEHHS LBOTO CTPYKTYPHOTO HEIOJIKY depes
KOHTPOJIHOBAHY PEKOHCTPYKIIIIO CHHTETUYHUX JTAHWX 1 CTa-
HOBHTH aKTYaIbHICTh IIOTO JOCITIKCHHS.

06'exm docnidoicennsn — TeHEPYBAHHS Ta PEKOHCTPYKIIIS
CHHTCTUYHUX TIOBEHIHKOBHUX TpPAH3aKIIHHUX TaHUX IS
3aBnanb CRM-cuctem.

Ilpeomem 0ocniodicenss — METO/IN 1 3aC00M KOHTPOJIHO-
BaHOI peKOHCTPYKIi1 LLM-3reHepoBaHNX CHHTETUYHUX Ja-
HUX, SKi TaayTh 3MOTY OIIHUTH IX MPUIATHICTH IS TIPOT-
HO3YBaHHS IIOBTOPHOI MIOKYITKH MOTEHITIHHAM KJTIEHTOM.

Mema pobomu — OWIHUTH PE3yABTATH KOHTPOIHOBAHOI
pexoHCTpyKIii LLM-3reHepoBaHNX CHHTCTHIHHUX TPaH3aK-
ifHUX JaHUX CTOCOBHO X MPUIATHOCTI ISl IPOTHO3YBaH-
HS MOBTOpHOI MOKynku kiieHToM y CRM-cucremax, mo
JTACTh 3MOTY BHUIIPABUTH HEPEATiCTHYHY KOHIICHTPALIIFO Tpa-
H3aKI[I} TOPIBHAHO 3 1X Oe3MmocepeHiM BUKOPUCTAHHSM.

Jl1st mocATHEHHS 3a3HaYEHOI METH BHU3HAYEHO TaKi oc-
HOBHI 3aBJaHHs JTOCIIHKEHHS:

* TIPOAHAII3YBATH CTPYKTYpHI 0OMexeHHst cupux LLM-3rene-
POBaHUX TPAH3AKIIHHUX JAHUX HA PiBHI KOPHCTYBAYiB, IO
JIaCTh 3MOTY OOTPYHTYBATH MOTpedy IX PEKOHCTPYKIIIT,

® PO3POOUTH METOIMKY KOHTPOIBOBAHOI PEKOHCTPYKIIii CHH-
TETHYHHUX [AHUX HA MiJCTaBl EMITIPHYHHUX PO3IMOILIIB, IO
JIACTh MOKITHBICTh BHUIIPABUTH HEPCATICTHYHY KOHIICHTpA-
I{F0 TPaH3aKIiif;

* OIIHWTHA MEPEHOCHICTh PEKOHCTPYHOBAHMX CHHTETHYHUX
JIAHKX 4Yepe3 YOTHPH HAIPSIMHU CKCIICPHMEHTY, 110 3a0e3rie-
YHUTh KOMIUIEKCHE MTOPIBHSIHHS CIICHAPIiB HABYAHHS MOJIEIT;

* JoCTianTH BIDIMB 03HaK RFM Ha sIKicTh IPOrHO3YBaHHS T10-
BE[IiHKH KOPUCTYBAUiB, sIKi JOIIOMOXKYTh BU3HAYUTH, SIKi TI0-
BEIIIHKOB1 3aKOHOMIPHOCTI 30€piratoThCst MiCist PEKOHCTPYK-
i1 CHHTETHYHHUX JAHUX;

® TIEPEBIPUTH CTIMKICTh OTPHUMAHHX PE3YJIBTATIB HA TPHOX He-
3JICKHO PEKOHCTPYHOBaHMX HaOOpax MTaHWX 1 MOIENsX
OYCTHHTY, SIKI YMOXKJIMBJISATh TiJTBEPPKCHHS BIiITBOpIOBA-
HOCTI 3p0O0JICHIX BUCHOBKIB.

AHaJi3 ocTaHHIX J0cHiTKeHb Ta myOJaikaunii. Y moc-
TipKeHHi [4] aBTOpH MpoaHaTi3yBaJld METOIN TeHEPYBaHHS
Ta OLIHIOBAHHS CHHTETUYHHUX HaHuX, B T.4. 3 GAN-miaxo-
TAMHU Ta KPUTEPISIMHU SKOCTI, 1 IMOKa3ald, M0 MPUIATHICTH
JUISL TIOAJIBIIOTO HaBYAHHS MOJENIe € KITIOYOBHM KpHUTe-
Pi€M OIiHIOBaHHS CHHTETHYHHX JaHUX MOPSJ 31 CTATUCTHY-
HOO TTO/TIOHICTIO 0 OpUTIHATY.

VY poboTi [5] aBTOpH MOCHINMIN aATOPUTMHU TeHEPYBaH-
HSl CHHTeTHYHHUX JAHUX Y JATEHTHOMY IPOCTOPI Ta BKa3aIH
Ha Te, [0 CHHTETHYHI JaHI MalOTh OILIHIOBATUCS Yepes3 iX-
HIO KOPHCHICTB IS OJAIBIIOT0 HaBYaHHS MOJENEH, a He
TIJIBKHU Yepe3 MOAIOHICTh IO OPUTIHAIY.

VY nmocmimkenHi [9] aBTOpH 3ampoOIIOHYBaNIA KOMILIEK-
CHHUH MIIXIT IO OIIHIOBAHHS CHHTETUYHUX MEIUYHUX TaO-
JMYHUX JAHHX, LI0 OXOIUIIOE IXHIO SIKICTh, HPHBATHICTB,
CKJIQJHICTh Ta NPUJATHICTh 0 BUKOPHCTAHHS — IPHUHLIMII,
peneBanTHA 1 17151 CRM-KOHTEKCTY, OCKLUIEKH KOPHUCHICTD €
HEOOX1THOIO CKJIAI0BOIO OIIIHIOBAHHS CHHTETUYHUX JaHUX.

VY poborti [10] aBTOpHE CHCTEMaTH3yBalIH IHCTPYMEHTH
TeHEePaTHBHOI'O MOJICIIFOBAHHS Ta METPHKU KOPHCHOCTI IS
MOBHICTIO CHHTETHYHHX TAaOJMYHUX JaHWX, HArOJOCHBIIH
Ha HEOOXiTHOCTI BiATBOPIOBAHOCTI KPHUTEPIiB iX OI[iHIOBaH-
HS TMiJ 9ac TOPIBHSAHHS PI3HHUX IIXOMIB 0 T€HepyBaHHS
HA0OpiB TAHUX.

VY mocmimxenni [8] aBropu mpencraBunmu TabDDPM —
audy3iiHy Mozenb T'eHepyBaHHS TaOMMYHHX MaHHX, SKa
MoKa3ana akTyalbHICTh TU(Y3IHHUX MIAXOIIB Ul TEeTepPO-

TeHHUX HAOOpIB JaHUX 1 BU3HAYMIIA OPIEHTHPH IXHBOI
SIKOCTI JUTS TIO/IANIBIINX JTOCHI/DKEHD Y Tally3l CHHTETUIHHUX
TaOIMYHNX JaHHX.

V pob6ori [2] aBropu 3anporonyBamn GReaT — mizaxin
Ha TIJCTaBl BEJIMKUX MOBHHX MOZEJEH JUIS TeHepyBaHHI
peayicTHYHUX TaOJINYHHX JTAHUX, 1 IPOAEMOHCTPYBAIN 3/1a-
THicTh LLM BinTBOpIOBaTH NpaBIOIOiOHI 3aITUCH HA PiBHI
OKpEMHX TpaH3aKLil, OfHAK MUTAHHS PEaiCTUYHOCTI MO-
BE/IIHKM HA PiBHI KOPUCTYBAYiB aBTOPH HE JIOCIIKYBaIIH.

V nocmimpkerHi [1] aBropu 3amponoHyBamu MiAXix 0
CTBOPEHHSI CHHTETHYHHX HAOODIB JaHHUX JUII PEKOMEH/a-
uiitanx cucrem 3 BuUkopuctaHaaM GAN-mozerneil 1 mokasa-
T, MIO Taki JlaHi MO)KHA 3aCTOCOBYBATH JUISl TECTYBaHHS
ITOPUTMIB K0Ia00paTUBHOI (iIbTpallii — aHAIOTIYHUH i1
XiJ1 € peneBaHTHUM 1 U1st oniHIOBaHHS CRM-anroputmis.

VY pobotax [11, 13, 14] aBropu mocmimunu RFM-momeni
Ta QITOPUTMU MAIIMHHOTO HABYAHHS MOJIEJI VISl 3aBIaHb
cerMeHTanii KIi€HTIB, MPOrHO3YBaHHS JIOSIIBHOCTI KOPHC-
TyBadiB 1 IOBTOPHOI MOKYNKH KJII€EHTOM, IIO OOTPYHTOBYE
BHKOPHCTaHHS TIOBEIIHKOBUX 3MIHHUX recency, frequency i
monetary value sik 6a30Bux o3HaK y 3aBranHsx CRM-npor-
HO3yBaHHSI.

OTxe, aHANi3 HayKOBUX IyOmikamii [1, 2, 3, 4, 5, 8, 9,
10, 11, 13, 14] noka3sye, 10 TOIPHA IIUPOKUNA PO3BUTOK Me-
TOJIB TCHEPYBAHHS CHHTCTHYHUX TAOJMYHHUX JAHUX, JKOJI-
Ha 3 MPOAHATI30BaHUX POOIT HE PO3TIIAAAE SBUIIA KOJIATICY
VHIKQTPHUX KOpHCTyBadiB y cupux LLM-3reHepoBaHmX
TPaH3aKIITHUX JaHWX 1 HE TIPOMOHYE METOIOJIOTIYHOTO MPO-
recy foro ycynenns. Came 1ie i BU3Ha4a€ aKTyaJIbHICTh Ta
HayKOBY HOBH3HY HAILIIOTO JIOCIIiPKEHHSI.

Marepianu Ta MeTOIH AOCTITKeHHs. Y POOOTI BUKO-
pUCTaHO Ka3aXCTaHChKHMI Habip e-commerce TpaH3aK-
uittnnx naanx (Kaggle), mo mictute 562 149 BamimHux 3a-
muciB 1 233 566 yHIKaIbHUX KOPHUCTYBAYiB MICIS OYHIICH-
Hs. CHHTETHYHI JaHI 3r€HEpPOBaHO 3a JOMOMOTOI0 MOJEINi
Qwen2.5-7B-Instruct-Turbo uepe3 xmapumii APl Ta pe-
KOHCTPYHOBAaHO Ha MiACTaBi EMIIPUYHUX PO3IOILTIB KiTh-
KOCTI TpaH3aKIii peampHUX NaHuX. (s mporHo3yBaHHS
MTOBTOPHOI TTOKYIIKH KJII€HTOM 3aCTOCOBaHO MOZETh Ran-
dom Forest (ocHoBHa Mozens), momenb XGBoost Ta mo-
nenb LightGBM (ormiafoBaHHS poOacTHOCTI OTPUMAHUX pe-
3yIBTaTIB Ta MiATBEPHKEHHS BiATBOPIOBAHOCTI BHCHOBKIB)
3 o3Hakamu Ha minctaBi RFM-mMonerni; omiHIOBaHHS OTpH-
MaHHUX pPEe3YIbTaTiB MPOBEICHO 3 YaCOBHM ITOALIOM 1 0e3
BUTOKY JIaHHX.

Pe3ysibTaTH J0C/IiPKEHHS Ta iX 06roBopeHHA /
Research results and their discussion

Iliozomoeka peanvnux Ooanux. PeanbHi TpaH3aKIiiHI
nmaHi Oymo copMOBaHO Ha MiACTaBi BIAKPUTOrO HabOpy e-
commerce TPaH3aKIii, OMyOIiKOBaHOTO Ha IUIaThopMi
Kaggle, sixuit MiCTUTh 9acOBi MITKH TpaH3aKIliH, igeHTH]I-
KaToOpH KOPHUCTYBAYiB, KaTeropii ToBapiB, OpeHAN Ta IiHU
mokytok. ITicist dinmpTpamii 3ammciB i3 BiACYTHIMA iIeHTH-
(ikaTopaMu KOPHCTYBadiB, HEKOPEKTHUMH I[iHAMH, HEKO-
PEKTHUMH YaCOBHMH MITKaMH Ta TyOJbOBAaHUMH 3aIMCaMH
OUYHUIICHUH peanbHUi Habip manux mictuB 562,149 Bamizg-
HUX TpaH3akuii i 233,566 yHikanpHUX KOpUCTyBadiB. Oun-
IIeHi peanbHi AaHi Oymo po3nineno Ha calibration i holdout
BubOipku. Koxkna Bubipka mictuia 100,000 Tpan3akmiii 6e3
neperuHy Mk calibration i holdout. Yci Bamigni 3amucw,
BUKOPHUCTaHI y CKOPHUIOBaHUX EKCIHEPHMEHTaX, HaJIe)KalH
1o 2020 poxy. Leit eram mocmimkeHHS OyB KPUTUIHO BaXK-
JUBUM, OCKUIBKM TIOTIEPETHI €Tamu eKCIIEPUMEHTY, M0o0y-
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JIOBaHI Ha HEIMOBHUX NPOMDKHHX JAaHUX, JaBAJITH HAJITO OI-
TUMICTHYHI pe3yapTaTd. CKOpHroBaHa METOANKA BUKOPHC-
TOBYE JKOPCTKIIITY OCHOBY 1 HE CIIMPAETHCSI HA HEIIOBHI JIaHi.

Dopmysanus yinvoeoi 3MiHHOI 3 uacoeum NOOLIOM.
[I106 yHUKHYTH BUTOKY JaHUX, MITKH ITOBTOPHOI IOKYITKH
Oyio moOyaoBaHO Yepe3 yacoBuil moain history/future. s
KOXKHOTO KOPHCTYBaya iCTOpHYHA ITOBE/IIHKA BUKOPHUCTOBY-
Bayracst JUIsi OOYMCIICHHS O3HAK, A LIIb0BA 3MiHHA BU3HAYA-
Jacsi BUXOMMUM i3 MaiOyTHIX TpaH3akmid. byno omineno
TpH creHapii ¢popmyBaHHs 1iboBoi 3MmiHHOI: 0,6 weak, 0,7
weak, 0,6 strong. ¥ Ha3Bi cueHapito yucio 0,6 ado 0,7 03-
Hayva€e 4acTKy iHAMBIAYaJbHOI 4acoBOi icTOpii KOpUCTYyBa-
Ya, sSIKa BUKOPHUCTOBYETHCS SIK ICTOPUYHHUNA TEepiox IS 1Mo-
OynoBu o3Hak. Ilo3HaueHnHst weak o3Haudae, 110 MO3WTHUB-
HUH KJIaC BU3HAYAETHCS SK HASBHICTH MIOHAWMEHIIE O/HIeT
MalOyTHBOI TIOKYITIKH, a Strong — K HAsSBHICTh MIOHAMEH-
1I1€ IBOX MalOyTHIX TTOKYIIOK.

CTaTHCTUKY IUTFOBOI 3MIHHOI U pearbHOr0 Habopy
maHux HaBeneHo B Tabi. 1. CraTMcTvKa IIILOBOI 3MIHHOL
TIOKa3ye, 110 CKOPUTOBaHa 3a/1a4a € iCTOTHO He30alaHCcoBa-
HOto. Y crenapii 0,6 weak MO3WTHBHHMII KiTac CTaHOBWTH
npubmmsHO 5,5 %, y 0,7 weak — mpubmmsao 3,1 %, a 'y 0,6
strong — npudmmsno 1,4-1,5 %. Lle pobuts 3amauy peanic-
THYHIINIOK Ta CKJIAIHIIION.

Ta6u. 1. CraTucTuka iIb0BOI 3MIHHOI IJIsI peaibHOr0 HabOpy
nmanux / Target variable statistics for the real dataset

Cuenapiii | Bubipka |Ki-ctb kopuct.| + kiac — KJIac
0,6 weak | Calibration 44,238 2,433 41,805
0,6 weak | Holdout 44,390 [ 2,492700T 141,897
0,7 weak | Calibration 50,919 1,560 49,359
0,7 weak | Holdout 50,978 1,601 49,377
0,6 strong | Calibration 44,238 617 43,621
0,6 strong | Holdout 44,390 652 43,738

Pexoncmpykuia cunmemuynux oanux. J{ns pinanpHO-
IO eTany eKCIepUMEHTY 0YJI0 BUKOPUCTAHO TPU HE3JIEIKHO
3TeHepOBaHI CHHTETHYHI Habopu manux Vi, V, i V3, cTBO-
peni 3a momomororo Mozaeni Qwen?2.5-7B-Instruct-Turbo
yepe3 xmapauii API. Bubip moneni Qwen Oyio 3pobieHo
TiCNs monepeansoro mopiBasHHES LLM-KkaHIUaTiB y 3aB-

JIaHHI TeHEePYBaHHs CTPYKTYPOBAHMX TPAH3aKLIHHMX 3ar-
ciB. Y pannix Tectax mnepesipsutucsa Qwen2.5-7B, Gemma
7B i Llama 3.1 8B. Qwen moka3aB HaiKkpalie CITiBBiIHO-
meHHs BamigHocTi JSON-BiANOBiAEH, TOTPUMAaHHS CXEMHU
Ta MIBUAKOCTI TeHEPYBAHHS: YacTKa NMPUHHATHAX BIAIOBI-
IIei ctaHoBWIIa mpuoOmu3Ho 63,5 %, Tomi sk Gemma rmoka-
3aima oum3eko 55,1 %, a Llama 3.1 — 6mu3pko 19,8 %. Came
ToMy Qwen 0ysi0 00OpaHo SIK OCHOBHY MOJIEIb sl 00y 10~
B LLM-3reHepoBaHNX TpaH3aKIIMHUX PSAKIB Y I10/aJIb-
mux excriepuMenTax. CHpi CHHTETHYHI PSIIKK MICTHIIN TIpa-
BIONOAIOHI 3HAYEHHS Ha PiBHI OKPEMHX TPaH3aKIiH, ane
HepeasiCTHYHy MOBEIIHKY Ha PiBHI KOPHCTYBauiB. 30Kpe-
Ma, cupi HaOOpW NAaHWX MICTHJIM TUTBKU NEKiJIbKa COTCHB
YHIKQJIBHUX KOPHUCTYBadiB 1 Jy’K€ BHCOKY CEPEIHIO Kilb-
KICTh TpaH3akmiii Ha kopucTyBada. Lle poOmio cupi cuHTe-
THYHI JIaH1 HETIPUIATHUMH JUTSI TIPSIMOTO TIOBEIHKOBOTO MO-
nemoBannst. Came Ha IIbOMY eTari JOCTiPKEHHS O0yII0 3aCTo-
COBAaHO KOHTPOJILOBAHY PEKOHCTPYKIIIIO CHHTETUYHHX JIaHUX.

[Tpoueaypa peKOHCTPYKIi CHHTETHYHNX AaHUX ITHOPY-
Baja cCHpi igeHTH(]IKaTOpH KOPHCTYBadiB, 3TEHEPOBaHI
LLM, i mepenpu3Havanga TPaH3aKIlii HOBUM CHHTCTUIHHM
KOPHCTYyBa4aM BIIIOBITHO MO EMITIPHYHUX PO3IIOALTIB
KUTBKOCTI TpaH3aKIiif Ha KOPUCTyBada, OTPUMAHUX i3 pe-
aJbHUX JaHUX. byio 3acTocoBaHo 0OMEXEHHS MaKCHMaJlb-
HOI KiJTKOCTI TpaH3aKI[iii Ha KOpPHCTyBaya, 00 YHUKHYTH
HEpeaTiCTHYHUX HAaIMIPHO aKTUBHHUX KOpPHUCTyBadiB. TpaH-
3aKii BCcepearHi KOKHOTO PEKOHCTPYHOBAHOTO KOPHCTYBA-
4a OyJ10 BOHOPSAIKOBAHO 32 9aCOM TOJII.

[Ticns pexoHCTPYKINT CHHTETHYHI HAOOPH AaHUX Malli
npubmm3HO 21,000 yHIKaTPHIX KOPUCTYBAYIB i B CEPEIHBO-
My OIU3BKO 2,3 TpaH3aKIii Ha KOPUCTYBaya, 10 HaOIIDKe-
HO 710 peanbHOro po3mnoziay. OCHOBHI XapaKTEpHUCTUKHU pe-
KOHCTPYHOBAaHNX CHHTETHYHUX HAOOPIB TaHNX HABEACHO B
Tabn. 2. ETam pekoHCTPYKIIii CHHTeTHIHUX JaHUX IIePETBO-
proe cupuii LLM-3reHepoBaHui TpaH3aKIMiHHUA MaTepiai
Ha KOHTPOJIbOBAHMI ITOBETIHKOBUI HaOip marux. Lle He ra-
PaHTYE MMOBHOI HOTO peaicCTHYHOCTI, ale pOOUTh OTPHMaHi
JlaHl MPUIATHAMH JUISl OLIHIOBAHHS OTPUMAaHUX PE3yIbTa-
TiB 0€3 BUTOKY JaHUX.

Tabu. 2. XapakTepUCTUKN PEKOHCTPYHOBaHMX CHHTETHYHHX HabopiB manux / Characteristics of reconstructed synthetic datasets

HaGip nanux | Cupi psiaxu ITicsst oun. BuityueHo K-ctb kopucr. | Cep. tx/user >20 tx >50 tx
Vv 50,000 49,980 20 21,534 2,3210 81 0
V, 50,001 49,997 4 21,192 2,3592 99 0
V; 50,001 49,996 5 21,395 2,3368 103 0

Habopu o3nak. J1ns nporHo3yBaHHsI OBTOPHUX TpPaH-
3aKIii Ta HABYaHHSA MOJeNeil 0y0 BUKOPUCTAHO METPUKU
Ha mifctaBi kmacugHOi Moxaeni RFM: ocHoBHHiT Habip 03-
Hak R+M (recency days, monetary) Ta AiarHOCTHYHHUI Ha-
6ip ozmak R+M+F (recency days, monetary, frequency).
Oznaka frequency posrisimanacs OKpPeMO, OCKUIBKA BOHA
MTOBEIIHKOBO ONM3bKa M0 ILiTHOBOI 3MIHHOI repeat purcha-
se. [lomepenHi etanm eKCIepUMEHTY MOKA3yBaJIH, 110 10/1a-
BaHHA frequency Mo)ke CTBOPIOBATH 3aBHIICHI PE3yIbTaTH.
Tomy frequency He BUKOPHCTOBYBasIAcs SIK OCHOBHA METO/I0-
JIoTiYHa O3HaKa, aje Oyna BpaxoBaHa B ablation-mocmimkeH-
HS Ta OIIHIOBaHHSA POOACTHOCTI OTPUMAHUX PE3yNIbTaTiB.

Modoeni. OcnoBHoro mojemto 0y RandomForestClas-
sifier. JlomatkoBo BHKOpHcTOBYBanucs moxeni XGBoost i
LightGBM. Ixns pons — mepeBipka He3aneKHOCTi BUCHOB-
KiB BiJl KOHKPETHOi MOJeli, a He ONTHMi3alis Tireprapa-
MeTpiB. Buxopucrani rimepmapamerpu Mopaeel MOJaHo B
Tabn. 3, To0TO 30BHIIIHI KOH(DIrYypaliiiHi mapaMeTpH, sKi
3a/1al0THCSI KOPUCTYBa4deM (PO3POOHHUKOM) TIepes] MOYaTKOM

HaBYaHHS MOJIE]I] MAIIMHHOIO HABYAHHS 1 HE 3MIHIOIOTHCS
B IIPOIIECi CAMOTO HAaBYaHHS.

Ta6u. 3. I'inepnapamerpu mozeneit / Model hyperparameters

Monenb
Random-
Forest

['inepriapamerpu
n_estimators=100, class_weight=balanced, ran-
dom state=42
n_estimators=100, max_depth=4, learning_rate=0,1,
subsample=0,8, colsample bytree=0,8, eval met-
ric=logloss, random_state=42
n_estimators=100, max_depth=4, learning_rate=0,1,
subsample=0,8, colsample bytree=0,8, class_we-
ight=balanced, random state=42

Monenb
XGBoost

Monenb
LightGBM

Mempuku OUiHIO6AHHA OMPUMAHUX pe3YIbHAMIE.
BukopucToByBanucs Taki METPHKH OLIHIOBAHHS OTpUMa-
nux pesynbratiB: ROC-AUC; PR-AUC / Average Precisi-
on; Accuracy; Precision; Recall. Merpuky PR-AUC 6ymno
BpaxOBaHO Yepe3 BHPaKEHHWU MucOaTaHc KiIaciB. Y Takmx
ymoBax Merpuka ROC-AUC moe MmepeomiHoBaTH MpaK-
TUYHY KOPHUCHICTH MOJEJI Ui BUSBIICHHS ITO3UTHBHOTO
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KJIacy, a accuracy He € HaJ{iifHOIO Yepe3 JOMIHyBaHHs Hera-
TUBHOTO KJIacy.

Hanpamu ouyintosanns ompumanux pesyavmamie. Ex-
CHEPUMEHTH MiCTHIIH:

e REAL — REAL: mMozens HaBYa€eThCs Ha peasbHii calibrati-
on-BHOIPIIi Ta TECTYEThCA Ha peanbHii holdout-udipii.

e LIM REBUILT — REAL: Monenb HaBYaeTbCs Ha pe-
KOHCTPYHOBAHNX CHHTETHYHMX JI@HHUX 1 TECTYEThCS Ha pe-
ambHiH holdout-Bubipi.

e REAL — LLM REBUILT: Mozenb HaBUa€ThCS HA peallb-
Hilf calibration-BHOIpIi Ta TECTYeThCI Ha PEKOHCTPYHOBa-
HMX CHHTETUYHHX JIaHUX.

e REAL + LLM REBUILT — REAL: Mozens HaBYaeThCs Ha
CyMillli peaTbHIX i PEKOHCTPYHOBAHHX CHHTETHYHHX JAHHX
13 (hIKCOBAaHMM HABYAITBHIM OFOJPKETOM 1 TECTYEThCS Ha pe-
anpHil holdout-BuOipii.

REAL — REAL Bu3Hauae ckopuroBaHuii 6a3oBuii pi-
BeHb. LLM REBUILT — REAL ominioe npukiagHy Ko-
pucHicts cuaTeTHUHUX JaHuX. REAL — LLM REBUILT
OLIIHIOE, YW MOXKJIUBE MEPEHECEHHS MEX INPHUHHSITTS pi-
IIeHb, BHMBYCHUX HA pEATbHNUX [aHUX, y CHHTCTUYHUH
mpoctip. ['iOpuaHe HaBYaHHS MOJENTI A€ 3MOTY OLIHUTH,
91 MOXKYTh CHHTETHYHI JaHi JOTIOBHIOBATH OOMEKEHHUH 00-
CSIT peasTbHUX JaHHX.

Ilepesipka cnisgionowens mooeneit REAL/LLM y ix
2iopuonomy naeuanni. I'iOpuiHe HaBIaHHSI MOJICICH BUKO-
HYBaJIOCS 32 YMOBH (PiKCOBAHOTO 3arajbHOTO OOCSTY HaB-
YaJIbHUX JAHUX:

e 10 % peanpaux nanux / 90 % CHHTETHYHHX JAHUX;

20 % peanpaux qaHuX / 80 % CHHTETHYHUX JTaHUX;

30 % peanbHux naHux / 70 % CUHTETHYHHX JAHUX;

40 % peanpHux qaHuX / 60 % CHHTETHYHUX JaHUX;

50 % peanpHuX qaHuX / 50 % CHHTETHYHHX JAHUX;

60 % peanpHuX naHuX / 40 % CHHTETHYHHX JAHUX;

70 % peanpHux naHuX / 30 % CHHTETHYHHX JAHUX;

80 % peanpHuX naHuX / 20 % CHHTETHYHHX JAHUX;

90 % peanbhux qauux / 10 % CHHTETHYHHUX JAHUX.
Haiixpammmii riGpuaauii pe3yapTaT o0MpaBcs 3a METpPH-
kofo ROC-AUC. ®ikcartist 3araibHOT0 00CATY HaBYAIBHIX
MaHuX Oyna BaXKIWBOIO, MO0 TIOpWAHI MOmeni He Ie-
MOHCTPYBAJIA Kpaili pe3ylnbTaTH 4epe3 OUTBITY KiTBbKICTh
HaBYAJIBHUX MPUKIAIIB.

Cmiiikicmbs ompumanux pe3yibmamie Mixc cuHme-
muunumu eepciamu. CTiIHKICTh OTPUMaHUX pPeE3yIbTATIB
omiHIOBaNacs Mixk Habopamu mganux Vi, V, i V;. Li Habopu
JAaHUX Oy HE3aJIeKHO 3reHEepPOBaHI Ta PEKOHCTPYHOBAHI.
CTabinpHICTD PE3yNbTATIB OIIIHIOBANACS YEpe3 CepeiHe
3HAYCHHS, CTAHIAPTHE BiIXWICHHS, MiHIMyM, MaKCUMYM 1
Jiama3oH METPHK.

Oyintosannsa podbacmuocmi ompumanux pe3yibmamis
Ha modenax oycmunzy. Monemn XGBoost i LightGBM 0y-
JI0 3aCTOCOBAHO TICIII OCHOBHUX €KCIEPHUMEHTIB i3 MOAET-
mo Random Forest. Ixus pons 6yma o6Mexena oriHIOBaH-
HSAM pobacTHOCTI oTpuMaHuX pe3ynbraTiB. Grid search, Au-
toML abo BuWuepIiHe HaJNAIITYBaHHS TilepHapaMeTpiB He
BHUKOHYBAJIHCSL.

bazosuii cyenapiit REAL—REAL. CkopuroBana 0a30-
Ba Mozaens Random Forest 3 oznakamu R+M mana koHcep-
BatuBHI 3HaueHHS MeTpukun ROC-AUC. PesynmpraTn 6azo-
Boro cieHapito REAL—REAL naBeneno B Tabm. 4.

Ta6u. 4. bazosuii ciienapiit REAL—-REAL st moneni Random
Forest / REAL—REAL baseline (Random Forest)

Cuenapiit ROC-AUC PR-AUC
0,6 weak 0,5603 0,0648-0,0694
0,7 weak 0,5633 0,0396-0,0518
0,6 strong 0,5512 0,0174

Ili pesynpTaTé ICTOTHO HIDKYI 3a IIONEPENHI OLIHKH,
YYTIUBI IO BUTOKY JMaHuX. Lle miaTBepmKye, Mo CKOPHUTo-
BaHa MIOCTAHOBKA 3aBIAHHS 3 YaCOBUM IOJIJIOM € CKIIaJIHi-
010 Ta peasicTuyHimo. Hu3pki 3HaueHHs merpukn PR-
AUC y3TOmKyIOTHCS 31 3HAYHUM JHCOATAHCOM KIIACIB.

Ablation-0ocnioycenna osnaxu frequency. JlonaBanus
frequency moKpaniIo METPHUKH, ajie He HaOIN3MIIO 3HAUCH-
us1 Mmetpukr ROC-AUC o 1.0. ITincymkoBi pe3ynbraTh ab-
lation-mocmimKkeHHsT 03HakU frequency HaBeneHO B TaOm. 5.
Osnaka frequency crabiTbHO TOKpaIIyBaja HEepeHECEHHS
MEX IPUHHSTTS PillIeHb 13 CHHTETHYHMX JaHUX Ha PEasbHi.
Bonnouac, ockinpkn frequency 3Ha4HO ITOB'sI3aHa 3 ITOBe-
JUHKOIO TIOBTOPHOI MOKYIKH KJIIEHTOM, BOHA 3aJIHIIAETHCS
METO/IOJIOTIYHO YYTJIMBOIO O3HAKOIO JUISi OCHOBHOTO OIIiHIO-
BaHHS OTPUMAHHX PE3yIbTaTIB.

Ta6u. 5. Tlincymok ablation-mocimkenns o3uaku frequency /
Frequency ablation study summary

Osnaka | Cuenapiii | REAL—-REAL| LLM—REAL | Hybrid
R+M | 0,6 weak 0,5603 0,5384 0,5806
R+M+F | 0,6 weak 0,5744 0,5918 0,6037
R+M | 0,7 weak 0,5633 0,5344 0,5926
R+M+F | 0,7 weak 0,5899 0,5908 0,6137
R+M 0,6 strong 0,5512 0,5640 0,5870
R+M+F | 0,6 strong 0,5701 0,6255 0,6294

TSTR-oyinweanna: LLM REBUILT—REAL. Ertamm
EKCIICPUMEHTY 3 TIEPEHECCHHS MEX NPUHHATTS PIIICHb i3
CHHTETHUYHHUX JaHUX Ha pealibHi MMoKa3anu ciaaldky, ane He-
BHITIAIKOBY ITEPEHOCHICTh PEKOHCTPYHOBAHUX CHHTETHIHIX
nmaunx. Pesynpratn TSTR-ominroBanHs mogano B Tadm. 6.
i pe3ympTatd MOKa3yIOTh, IO PEKOHCTPYHOBAHI CHHTE-
TUYHI JaHI MICTATh IEBHUM TEPEHOCHUH MOBEIIHKOBHUMA
curHai. [IpoTe me#t curuan He1oCTaTHRO 3HAYHUH, MO0 Ha-
BYaHHSA MOJIEN] TIJIBKMA HAa CHHTETHYHAX JaHUX MOIJIO 3aMi-
HUTH HABYAaHHS MOJICNTI HA pEeaNbHUX JaHUX.

Tabu. 6. Pesynbraru TSTR-ouiHoBaHHs 3 03HakamMu R+M /
TSTR results with R+M features

CHCHapiﬁ Vl V2 V3

0,6 weak 0,5384 0,5304 0,5275
0,7 weak 0,5341 0,5344 0,5330
0,6 strong 0,5640 0,5389 0,5477
0,6 strong 0,5640 0,5389 0,5477

TRTS-ouyinweanna: REAL—LLM REBUILT. 3Bo-
POTHUIA HaNpsIM IEPEHECEHHS! MEK NPUHHATTS PillleHb JIaB
moMiOHO KOHCepBaTWBHI pe3ynbratu. Pesympratu TRTS-
omiHoBaHHA nogano B Tadix. 7. [Toxionicts TSTR- 1 TRTS-
OIIIHIOBaHHA POOACTHOCTI OTPUMAHUX PE3yIbTATIB IiATBEP-
JDKY€E, II0 CHHTETHYHI HAOOpH NaHWX MICTATh YaCTKOBHM
MTOBEIIHKOBHUI CHUTHAJ, alle e CUTHAT CTPYKTYPHO BiApi3-
HSETHCS BiJ] pearbHOI TOBEAIHKOBOI THHAMIKH.

Tabu. 7. Pesynbraru TRTS-ouinroBanHs 3 o3Hakamu R+M /
TRTS results with R+M features

CHCHapiﬁ V1 V2 V3

0,6 weak 0,5273 0,5449 0,5276
0,7 weak 0,5633 0,5671 0,5591
0,6 strong 0,5575 0,5601 0,5528

Ananiz eaxciueocmi o3nak. AHaNI3 BOXINBOCTI O3HAK
MOKa3aB YiTKy PI3HUITIO MiX MOJEIAMHU, HABUCHUMH Ha pe-
QIBPHUX 1 CHHTETHYHUX JaHUX. Y3arajJbHEeHI MaTepHH Bax-
JIMBOCTI O3HAK HaBeOEHO B TaOi. 8. ['0JIOBHMII BHUCHOBOK:
PEKOHCTpYHOBaHI CHHTETUYHI HaOOPH MaHMX 3HAYHO Kpa-
e 30epiraroTb CTPYKTYPY, IMOB'sI3aHy 3 monetary, HK da-
COBY iXHIO TOBEiHKY. Lle moscHIOE, YoMy MEepEeHOCHICTh
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PEKOHCTPYHOBAaHUX CHHTCTUYHUX HAOOPIB JaHUX 3aITUINAE-
TBCSI OOMEKEHOIO.

Tab6J. 8. [lareprn BaskmBOCTI 03HaK / Feature importance patterns

Crenapiit recency days | monetary | frequency
HaB}‘;a;:iM}{’fﬁﬂ M3 0,33-0,37 | 0,63-0,66 -
Ha:;i‘;‘;ig“}fﬁﬁ 1 0,04-005 | =095 -
Haﬁ‘éﬁﬁf‘ﬁ‘fﬁﬁ;“ ~0,38-0,42 |=0,51-0,57 | 0,05-0,08
H:yﬁi‘;ﬁi“g’fﬁi;a ~0,04-0,05 [=0,72-0,77| 0,18-0,23
Haﬁ‘q}j‘fﬁﬁgybﬂd’ ~0,11 ~0,67 | =022

Cmiiikicmb ompumanux pe3ynomamie mix3c Habopamu
oanux V,/Vo/Vi. AHami3z poOacTHOCTI OTPUMaHHUX PE3yIb-
TaTiB MIOKa3aB HU3bKY BapiaTUBHICTH MK TPhOMa HE3aJIEXK-
HO PEKOHCTPYHOBAaHUMH CHHTETHYHUMH HAaOOpaMH IaHHX.
Hpuxmamm: TRTS, 0,7 weak, R+M: mean ROC-AUC =
0,563, range ~ 0,008, std = 0,003; TSTR, 0,7 weak, R+M:
mean ROC-AUC = 0,534, range ~ 0,0014, std = 0,00006;
JOCITI/DKeHHST BIUIMBY o3Haku frequency, 0,6 weak, R+M:
mean ROC-AUC = 0,532, range = 0,011; mocmimkeHHS
BIUIMBY o3HakH frequency, 0,6 weak, R+M+F: mean ROC-
AUC = 0,582, range ~ 0,016.

OTxe, BUABICHI OOMEXKEHHS MEPEHOCHOCTI MOBEIiHKO-
BOTI'O CUTHAJY HE € apTeakTaMu OJHOTO I'eHEePYBaHHS CHH-
TeTHYHUX JaHuX. CHHTETHYHI HAOOpH JTaHUX HE € 1IeHTHY-
HUMHU, aJlé OCHOBHA 3aKOHOMIPHICTh iXHBOI CTPYKTYpH €
CTaOUTBHOIO.

Ouintosannsa podacmuocmi OMmpuUManux pe3yibmamie
na mooensax XGBoost i LightGBM. Mopeni OycTHHTY TTOK-
pam abCOMOTHY SKICTh MPOTHO3YBAHHS TTOBEHIHKH KO-
PHUCTYBadiB, aje HE YCYHYIH PO3PUBY MK CHHTCTHIHHUM 1
pearbHIM TOBEIIHKOBUMH IPOCTOpaMH. [IpuKiIaan omiHro-
BaHHSI POOACTHOCTI OTPUMAHWX PE3YAbTATiB HA MOJIEIISIX
OycTHHTY HaBe/IeHO B Tabi. 9. V miif Tabnuili HaBeIeHO BU-
OipKOBI pe3yabTaTH OIIHIOBAHHS POOACTHOCTI ISl Bimmo-
BITHUX EKCIIEPUMEHTAIBHUX KOHQITrypariii, ToMy il mot-
piOHO iHTEpHpeTyBaTH SIK IOJATKOBY IEPEBIPKY CTaOiIh-
HOCTI BHCHOBKIB, a HE K OKpeMHil MOBHHIA 010K ablation-
JIOCIIHKEHHS O3HAK.

Ta6u. 9. [Ipukiaay oLiHIOBaHHS pOOACTHOCTI OTPUMAHUX pe-
3ynbTaTiB Ha Mozesix OyctuHry / Robustness check results on bo-
osting models

L1i pe3ynbTaTy MOKA3yIOTh, 10 3HAYHIII MOJIEIi TIOKpa-
IIYIOTh SIKICTh TPOTHO3YBAaHHS IOBEAIHKM KOPHCTYBadiB,
ocobsmBo y crenapisx REAL—REAL Ta riopuanoro Has-
yaHHs Mozeni. Ilpore BOHM He ycyBalOTh CTPYKTYPHOTO
pPO3pHBY MIX CHHTETHYHHM 1 pEajbHUM IOBENIHKOBHMH
MIPOCTOPAMH.

OTKe, OTpUMaHi pPe3yIbTaTh JTOCIIHKEHHS MiATBEPIKY-
I0Th €(EKTUBHICTh 3aIPOIIOHOBAHOI METOIUKH KOHTPOIHO-
BaHOI pekoHCTPYKIiT LLM-3reHepoBaHnX CHHTETUYHUX J1a-
HUX. PEKOHCTpYKIIisl iCTOTHO 3MEHIIMIIA TIPOSIBU SIBHIIA KO-
Jarcy Ha piBHI KopuctyBadis (Big 299-338 o =21 000 yHi-
KaJbHUX KOPHCTYBadiB) 1 3poOWia CHHTETWYHI JaHi Npu-
JATHUMHM JUTS TIOBEIHKOBOTO MOJICNTIOBAHHS: HAaBYEHI Ha
HUX MOJIeNli TIOKa3ajdl HEBUIAJKOBY MEPEHOCHICTh pe-
KOHCTPYHOBAaHMX CHHTETHYHHMX JAHWX Ha peajbHi aaHi
(merpuka ROC-AUC 0,53-0,63 y cuenapii LLM_REB-
UILT—REAL), a ribpuane HaBuaHHSI MOAEII Ha PeaTbHUX
1 PEKOHCTPYWOBAHMX CHHTETHYHHX JaHHUX 3a0e3Mmeumsio
CTabIIBHUIN MTPUPICT SAKOCTI MPOTHO3YBAHHS MOBEAIHKN KO-
puctysauis (o +0,076 s merpuku ROC-AUC nopiBHSHO
3 6azoBum piBHeM REAL—REAL). CrilikicTb nux pe3yib-
TaTiB HA TPHOX HE3AISKHO PEKOHCTPYHOBAHMX HAOOpax aa-
HuX Vi, V, 1 V; Ta Ha Mozmensax XGBoost i Light GBM cBiz-
YHUTh, MIO NPAKTUYHY KOPUCHICTH CHHTETHYHUX HaHHX Y
3apaaHHsx CRM-mpornosyBanHsi 3a0e3rnedye came KOH-
TPOJNBOBAHA PEKOHCTPYKILiS, @ HE BIACTHBOCTI KOHKPETHO-
r'0 TeHepaTopa Yd arOPUTMY HaBYaHHS MOJEII.

OOroBopeHHs Pe3yJabTATIB IOCTiTKeHHS. Y HOCTi-
JDKEeHHI [3] aBTOpHW BCTAHOBWIIM, IO CHHTETHYHI JIaHi, 3Te-
HEpOBaHi IS 3aBIaHb He30aIaHCOBAHOI KiIach(ikarii, Mo-
JKYTh €EKTHBHO MOKPAITyBaTH OalaHC HABYAIBHOI BHOIp-
KH, TIPOTE X KOPUCHICTh ICTOTHO 3aJIeKUTh Bill CTPYKTYp-
HOI BiIIOBITHOCTI peaslbHUM JaHUM 1 TIOTpedye 00O0B'sI3K0-
BOI MMEPEBIPKM Ha HE3AIKHOMY PEabHOMY TECTOBOMY Ha-
Oopi. PesynpraT riGpuaHOTO HaBYAHHS MOJEII Y Wil po-
00Ti Y3TOIKYIOTBCSI 3 TAKUM BUCHOBKOM: ITOETHAHHS Pe-
QIBHUX 1 PEKOHCTPYHOBAHNX CHHTETHYHHX JaHUX JIa€ MPH-
pict merpuku ROC-AUC no +0,076 Hanm 6a30BUM piBHEM
REAL—REAL, Toai sk HaBYaHHS MOJEN BHHATKOBO Ha
CHHTETHYHUX JAHUX MTOCTYIAETHCSA 6a30BOMY PiBHIO.

VY poborti [6] aBTOpH HOCTITUIA KOHKYPEHTOCTIPOMOXK-
HICTh MOJIeNIeH TIIMOOKOTO HAaBYAHHS MOJETI IOPIBHSHO 3
JIepeBONOAIOHIMH MOJEIIIMU Ha TaOIMYHAX JaHWUX 1 BCTa-
HOBWUTH, IO JIepeBonoAiOHI aHcaMOIi cTabiTbHO TIepeBep-
ITYIOTh HEWPOHHI MEpeXi Ha TUITOBHUX CTPYKTYPOBAaHHUX Ha-
Oopax maHuX. 3acTocyBaHHS Takux Momenel, ik XGBoost i
LightGBM, y poni ouiHioBaHHS POOACTHOCTI OTPHMAaHHUX
pe3yabTaTiB y Lilf pOOOTI MiATBEPIKYE TAKHA BHCHOBOK:
3HAYHINI MOAesi OyCTHHTY MOKPAIIyIOTh aOCONIOTHI 3Ha-
gerHs wmerpuku ROC-AUC (mo 0,67 y cmenapii RE-
AL—REAL mporn 0,55 ans momeni Random Forest), ox-
HAaK BiTHOCHHH PO3PUB MK CHHTETHYHHUM 1 pEallbHUM II0-
BEIIHKOBUMH TIPOCTOpaMU 30epira€Thcsi HE3AIEKHO Big 00-
PaHOro AJIIrOPHUTMY.

VY nocmimkenHi [7] aBTOpH MpoaHANi3yBalIy IPUIHHH, 3
SIKFX JIEPEBOIOIOHI MOJIENI MepeBakaloTh METOAN TIHO0-
KOr0 HaBYaHHS MOJEJI Ha TaOJIMYHMX HAaHUX, 1 IOKAa3allu,
0 KJIIOYOBY pOJb BIAITPa€e 3[4aTHICTH JAepeB e(DEKTHUBHO
00pOOIIATH HEPETIEBAHTHI Ta HEPIBHOMIPHO PO3IOIiICH] 03-
Hakd. Lle y3rouKyeThest 3 pe3ynbTaTaMu aHajli3y BayKIIMBO-
CTI O3HaK y Iiif poOOTi: HA CHHTETHYHHX TAHUX MOJIEIb
Maike TIOBHICTIO CIIMPA€ThCs HA MOHETAPHY O3HAKY
(=95 %), Toqi SIK Ha peabHUX JAHUX Bara PIBHOMIpHIIIE pO3-
MOUTSIETBCSL MK recency i monetary — IO CBITYHTH TIPO

ExcriepiuMeHT Mopens | Cuenapiii [ROC-AUC|PR-AUC
REAL—REAL RF 0,6 weak | 0,5603 | 0,0648
REAL—REAL | XGBoost | 0,6 weak | 0,6364 | 0,1066
REAL—REAL | LightGBM | 0,6 weak | 0,6340 | 0,1034

Best LLM—REAL RF 0,6 weak | 0,5384 | 0,0726
Best LLM—REAL| XGBoost | 0,6 weak | 0,5555 0,0757
Best LLM—REAL | LightGBM | 0,6 weak | 0,5296 | 0,0705
Best Hybrid RF 0,6 weak | 0,5806 | 0,0790
Best Hybrid XGBoost | 0,6 weak | 0,6191 0,1050
Best Hybrid LightGBM | 0,6 weak | 0,6166 | 0,1008
REAL—REAL RF 0,6 strong| 0,5701 | 0,0192
REAL—REAL XGBoost |0,6 strong| 0,6701 0,0566
REAL—REAL | LightGBM |0,6 strong| 0,6613 | 0,0546
Best LLM—REAL RF 0,6 strong| 0,6255 | 0,0343
Best LLM—REAL | XGBoost |0,6 strong| 0,6395 0,0507
Best LLM—REAL | LightGBM |0,6 strong| 0,6424 | 0,0463
Best Hybrid RF 0,6 strong| 0,6294 | 0,0347
Best Hybrid XGBoost 0,6 strong| 0,6580 | 0,0569
Best Hybrid LightGBM |0,6 strong| 0,6277 | 0,0548
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CTPYKTYPHY PI3HHIIO MIX IBOMa TOBEIIHKOBUMHU HPOCTO-
paMu JIaHHX.

VY poborti [12] aBTOpH eMIipHIHO JOCHTIANIH TOBEIHKY
METpHUK accuracy, precision, recall, Fl-score i MCC y 3aB-
JIAaHHSX 13 He30aJaHCOBAaHWMU KJIaCaMU Ta BCTAHOBHJIH, IO
accuracy € HeHaJiHUM 1HANKATOPOM SIKOCTI MOJIENi 3a JIo-
MIHYBaHHSI HETaTUBHOTO Kiacy. OTpumaHi y miit poOoTi pe-
3yJABTATH MiATBEP/PKYIOTh TAaKUH BUCHOBOK: 33 YaCTKU I10-
3UTHUBHOTO Knacy 1,4-5,5 % 3HadeHHs accuracy IepeBHIIY-
10Thb 94 % HaBITH U TpPHUBIAJIBHOTO KiacuikaTopa, TOI
sk Metpukn ROC-AUC i PR-AUC € 6inbin iHpopMaTHBHH-
MU IS TIOPiBHSHHS CIICHAPIiB HABYAHHS MOJIETI.

VY nocmimkenHi [15] aBropw 3ampornoHyBaIM MOJEITb
TabSyn mms cuHTE3y TAOMUYHUX JaHUX 3MIIIAHUX THITIB HA
migcTasi qudysii y TaTeHTHOMY MPOCTOPI 1 OKa3au mepe-
Bard 1poro miaxoxy Hajgy GAN-0a3oBaHHMHU METOIaMH 32
METPUKAMHU CTaTUCTHYHOI TMOMIOHOCTI Ta MPUIATHOCTI IS
MalIMHHOTO HaBuaHHS Moxeni. Ha Bimminy Big TabSyn,
3aMpoNOHOBAHMN Yy IiH poOOTI IMiAXix KOHTPOIBOBAHOI pe-
KOHCTPYKIIii CHHTETUYHHX JJAHUX HE T€HEPYE HOBI TPAH3aK-
LifiHI 3HAYeHHS, a KOPUTYE CTPYKTYPY PO3IMOIUTY BXKe
LLM-3reHepoBaHix AaHUX HA PiBHI KOPUCTYBAdiB — IO €
MIPUHIIUIIOBO BiIMiHHUM 1 B3a€MOOTIOBHIOBAIEHIM HAIIPsI-
MOM Y Tally31 CHHTeTUYHUX TPAH3AKIIHHUX JaHUX.

OTke, 3iCTAaBIEHHS OTPHUMAaHMX HAIIMX pPE3YJbTaTIB 3
JAHIMH TIPOaHaTi30BaHUX JOCTIKEHb [3, 6, 7, 12, 15] min-
TBEPKYE IOUITBHICTh 3aCTOCYBAaHHS KOHTPOIBOBAHOI pe-
koHCTpYKIii LLM-3reHepoBaHNX CHHTCTUYHUX NAHUX IS
3apgane CRM-nporuosyBanss. BusiBieHi CTpykTypHi 00-
MEXKCHHS TEPCHOCHOCTI MOBEIIHKOBOTO CHTHATY € Xapak-
TEepHUMH Ul CHHTETHYHMX JAHWX y 3aBJAHHAX 13 He30a-
JIAHCOBAHMMH KJIACAMHU Ta TOBEIIHKOBUM MOJICIIOBAHHIM
Ha piBHI KOPHCTYBadYiB, MO BKa3ye Ha HEOOXIIHICTH IIO-
JTANBIIOTO BIOCKOHAJICHHS METOIIB PEKOHCTPYKIIi CHHTE-
TUYHUX JITAaHAX.

OTXe, BHACTIZIOK BUKOHAHOI POOOTH MOXKHA CPOPMYITIO-
BaTH TaKi HAYKOBY HOBHM3HY Ta NMPAKTUYHY 3HAYYIIICTH pe-
3yIBTATIB JOCIIKCHHS.

Hayxoea nogusna ompumanux pe3yivmamie 00CiiodiceH-
Hsl — PO3POOJIEHO METOJUKY KOHTPOIBOBAHOI PEKOHCTPYK-
uii LLM-3reHepoBaHIX CHHTCTUYHUX TPaH3aKIIHHAX aa-
HUX JUId 3aBAaHb IPOTHO3YBAHHS ITOBTOPHOI ITOKYITKH
ximieaToM y CRM-cucremax, ska BiIOKPEMITIOE TIPABIOIIO-
MIOHICTH OKPEMUX TPAH3aKIIH BiJ peaniCTHIHOCTI pO3MOIi-
JIy TIOBEIIIHKM Ha PiBHI KOPHUCTYBAYiB Ta iCTOTHO 3MEHIIIYE
MIPOSIBY SIBUINA KOJIAIICY YHIKAJIBHUX KOPUCTYBAYiB y CHPHX
LLM-3reHepoBaHUX [aHUX IUIIXOM BHOOPY KITBKOCTI
TPaH3aKIIH 13 eMIIPUIHOTO PO3IOALTY peaTbHUX JaHUX.

Hpaxmuuna 3uauywicms pe3yiemamis 00CHiONCEHHA —
MOXKHA BHKOPHCTATH Tix 4ac po3pobnenHs CRM-cuctem,
JIe peasbHi IOBEAIHKOBI JJaHI KIII€HTIB € 0OMEKEHUMH, KOH-
¢igeHnitaIMu 200 HETOCTYITHUMH IS IIHPOKOTO BHKO-
PHUCTaHHS: 3alpPOIIOHOBAHMN IiIXiJA KOHTPOIBOBAHOI pe-
KOHCTPYKIIi CHHTETHYHUX JAHUX 3a0e3euye TOTOBHEHHS
peanbHUX JaHWX CUHTETHYHMMU 3 MIHIMaJIbHUMH BUTpPATa-
MU Ha iX TeHEpyBaHHs, 10 MO)KHA 3aCTOCOBYBAaTH B CHCTE-
Max IEepCOHATI30BaHUX PEKOMEHAMIN, MporpaMax JIOsIhb-
HocTi Ta aBromaTm3oBaHux CRM-areHTax HpUHHATTS pi-
IIIEHb.

BucHoBku / Conclusions

OIiHeHO pe3yabTaTH KOHTPOJIHOBAHOI PEKOHCTPYKIIiI
LLM-3reHepoBaHUX CHHTETUYHHAX TPAH3AKIINHUX NaHUX
CTOCOBHO X MPHUIATHOCTI JUIA MPOTHO3YBAaHHS ITOBTOPHOI

nokynky KrienToM y CRM-cucremax, mo 1ano 3MOry BHII-
PaBUTH HEPEANICTUYHY KOHIIEHTPALIIO TpaH3aKMii IOpiB-
HSHO 3 1X 0e3nocepeqHiM BUKOPHUCTAHHIM. 3a pe3yibTara-
MU TIPOBEJICHOTO JIOCTI/KEHHS MOKHA 3pOOUTH TaKi OCHOB-
Hi BUCHOBKU.

1. Bcranosneno, mo cupi LLM-3reHepoBaHi TpaH3aKIiiHI
JIaHl € HeNPUAATHUMH JUTS TIPSIMOTO BUKOPHCTAHHS y 3aB-
JTAHHAX ITOBEAIHKOBOTO MOJICTIOBAHHS uepe3 SBHIIE KO-
Jaricy Ha piBHI KOPHUCTyBadiB — y cHpuX Habopax 3adikco-
BaHO TUThKH 299-338 yHIKAIPHMX KOPUCTYBAdiB 3aMiCTbh
OYiKyBaHHX JIECATKIB THCSY.

2. Po3pobmeHO METOAWMKY KOHTPOIHOBAHOI PEKOHCTPYKII
CHHTETHYHHX IaHHX, IO TepenpH3Havae TPaH3aKIii Ho-
BUM CHHTETHYHUM KOPUCTYBa4yaM BiIITOBIIHO 10 €MITipHd-
HHX PO3MOMLTIB pealbHUX JaHUX 1 Ja€ 3MOTY OTPHUMATH pe-
amictidHi Habopu 13 ~21 000 yHiKaTbHHX KOPHCTYBAdiB i
CepeTHbO0 KUTBKICTIO TpaH3aKwLiil ~2,3 Ha KOPHCTyBaya.

3. 3'acoBaHO, 1[0 PEKOHCTPYHOBaHI CHHTETHYHI JaHI 9acTKO-
BO 30epiraioTh moBeAiHKOBHII curHanm (merpukn ROC-
AUC 0,53-0,63 y cuenapii LLM_REBUILT—REAL), mpo-
T€ ICTOTHO TOCTYTAIOTHCS PEATbHUM JITAHUM Y BIATBOPEHHI
4acoOBOI OBEAIHKOBOI JUHAMIKHU.

4. JlociiKeHO BayKIUBICTh O3HAK 1 BCTAHOBJICHO, IO CHHTE-
TUYHI J1aHi 30epiraloTh MOHETAapHI 3aKOHOMIPHOCTI (=95 %
Baru Ha monetary y CMHTETHYHHX JAHMX) 3HAUHO Kpalle,
HIXK 4acOBI MOBEJIIHKOBI MATEPHH.

5. IliaTBep/pKEHO, 110 TiIOpUIHE HABYAHHS MOJICNI Ha pealib-
HUX 1 pEKOHCTPYHOBaHUX CHHTETHYHUX JTAaHUX 3a0e3reuye
npupict merpuka ROC-AUC no +0,076 nopiBHsHO 3 6a30-
BuM piBHeM REAL—REAL y mexax (¢ikcoBaHOTO HaB-
YaJIbHOTO OFO/IKETY.

6. IlepeBipeHO CTIHKICTP OTPUMAaHHX PE3YNbTATIB Ha TPHOX
HE3aIeKHUX CHHTeTHYHHX Habopax (Vi, V,, V) ta moze-
nsix Oyctunry (XGBoost i LightGBM) 1 BcTraHOBIIEHO, 110
BUSIBJICHI OOMEXKEHHSI TIEPEHOCHOCTI MOBEIIHKOBOIO CHI-
Hally MalOTh CTPYKTYPHHH Xapakrep 1 He 3alexkarbh Bif
KOHKPETHOTO aJIrOPUTMY.

3asiBa MpPO BUKOPHUCTAHHA IHCTPYMEHTIB IITYYHOTO
inTenexkry. Ilig gac MATOTOBKH IBOTO PYKOMIHCY aBTOPU
3aCTOCOBYBAIM IHCTPYMEHTH IITYYHOTO IHTEJIEKTY Ta MPOT-
pamHe 3abe3redeHHs I OOpOOIIEHHS TPUPOTHOI MOBH
(ChatGPT, Copilot) BUHATKOBO 3aJIs1 TPaMaTHYHOTO pefa-
TYBaHHsI, KOPUTYBaHHS opQorpadii Ta CTIIICTHYHOI aiar-
Tamii CKIAJHAX CHHTAKCHYHUX KOHCTPYKIH. ABTOpH
3MIACHIOBAIN KPUTHYHUHN aHAJI3 1 MOJabIIe peaaryBaHHsI
3T€HEpOBAHOTO TEKCTY Ta HECYTh MOBHY BiIIIOBITaNbHICTH
3a JOCTOBIPHICTh, HAYKOBHH 3MICT i OCTaTOUHY PEIAKIIIO
myOmiKarii.
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K. 0. Tieliegin, Ya. V. Lavreniuk
Zhytomyr Ivan Franko State University, Zhytomyr, Ukraine

CONTROLLED RECONSTRUCTION OF LLM-GENERATED SYNTHETIC BEHAVIORAL DATA
FOR CUSTOMER REPEAT-PURCHASE PREDICTION IN CRM SYSTEMS

Analyzed are the possibilities of using synthetic data generated by large language models (LLMs) to address repeat-purchase pre-
diction tasks in customer relationship management (CRM) systems. Established is the fact that direct use of raw LLM-generated tran-
sactional data is inadmissible due to the user-level collapse phenomenon: raw synthetic datasets contain only a few hundred unique
users instead of the expected tens of thousands, which renders them unsuitable for user-level behavioral modeling. Proposed is a met-
hodological pipeline for the controlled reconstruction of LLM-generated synthetic transactional data, which separates the plausibility
of individual transactions from the realism of user-level behavioral distributions by resampling transaction counts from the empirical
distribution observed in real data, thereby correcting the structural deficiency of raw LLM output. Developed is a reconstruction pro-
cedure that reassigns transactions to new synthetic users according to empirical distributions derived from real data, producing data-
sets with approximately 21 000 unique users and a mean transaction count of 2.3 per user. Investigated are four evaluation directions
— REAL—REAL, LLM REBUILT—REAL, REALLLM REBUILT, and REAL+LLM REBUILT—REAL — employing time-
based, leakage-free user-specific splits across three independently generated and rebuilt synthetic datasets. Applied are Random Fo-
rest as the primary model and XGBoost and LightGBM as robustness checks with fixed hyperparameters. Established is that rebuilt
synthetic data partially preserve behavioral signal yet do not fully reproduce real purchasing dynamics at the user level. Determined
is that synthetic data retain monetary-value patterns considerably better than temporal behavioral dynamics, as evidenced by feature
importance analysis showing approximately 95 % weight on the monetary feature in models trained on synthetic data. Confirmed is
that hybrid training on real and rebuilt synthetic data consistently outperforms training on synthetic data alone and yields ROC-AUC
gains of up to +0,076 over the REAL—-REAL baseline within a fixed training budget. Characterized is the controlled reconstruction
of LLM-generated synthetic data as a viable strategy for augmenting real behavioral data in CRM prediction tasks, which at the same
time cannot be regarded as a complete substitute for real customer behavioral records.

Keywords: machine learning; synthetic data; large language models; customer relationship management; user behavioral predic-
tion; hybrid training; Radom Forest.
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